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Previously in my parsing corner...

« Complexity metric: tenure

« how long nodes/parse items are retained in memory
« reliable metric for processing difficulties

+ in top-down MG parsing
« in left-corner MG parsing
« Empirical phenomena: multiple embedding
« multiple left-, right-embedding: ©
« multiple center-embedding:

In this episode...
left-corner MG parsing model and word-order preferences.
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LC MG parsing captures all of the above!
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Overview: mixed word-order preferences

+ Short-before-long preference
« English heavy NP shift (HNPS)
« how does the model work
+ Long-before-short preference
- Japanese transitive
+ syntactic analyses
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(2) ?Max put [;p all the boxes of home furnishings] [pp in
his car].

A shifted order (PP-DP) is preferred
When the DP iS heaVy (e.g. Brown corpus Wasow 1997).
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+ English post-verbal PP adjuncts
« Mandarin ba-construction and its alternative

+ Next steps
« Shift iff heavy

m
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[keezi-ga] [Se-ga takakute gassiri sita hanni-o]  oikaketa
detective-nom height-nom tall-and big-boned suspect-acc chased

‘The detective chased the suspect who is tall and big-boned.’
(4) OSV

[Se-ga takakute gassiri sita hanni-o]  [keezi-gal oikaketa
height-nom tall-and big-boned suspect-acc detective-nom chased

“Japanese speakers tend to shift long arguments ahead of
ShOI’t ones in an On'“ne taSk.” (Yamashita and Chang 2001)
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Japanese transitive and similar cases

« Similar long-before-short preferences to model in
+ Korean PP dative (Choi 2007)
* Also

+ Heavy = shift
« Other syntactic proposals?
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Next steps and open questions

« Alternative complexity metrics

« Alternative syntactic analyses
« Shift iff heavy vs. Heavy => shift
+ Optimization for parsing

(5) Niuean transitive wh—questions (Tollan et al. 2019)

a. Koe pusife ne tutulitimau e lapiti?
PRED cat which past chase always ABS rabbit
‘Which cat always chased the rabbit?”

b. Koe pusife ne tutuli ttmau he kuli?
PRED cat which past chase always ERG dog
‘Which cat did the dog always chased?’

16
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