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« LC parsing for MG adequately models how humans
process left-, right-, and center-embedding sentences.
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* Multiple left-, right- embedding: OK!
 Multiple center-embedding: terrible!

Parser Left Center Right
Top-down O(n) O(n) O(n)
=Left-corner O(1) O(n) o(1)
—Human O(1) O(n) o(1)

Table 1: adapted from Resnik (1992)




Embedding

 Multiple left-, right- embedding: constant space

 Multiple center-embedding: space proportional to tree
height

Parser Left Center Right
Top-down On) O(n) O(n)
—=Left-corner O(1) O(n) o(1)
—Human O(1) O(n) o(1)

Table 1: adapted from Resnik (1992)
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Left-corner parsing (for MG)

- Parsing strategy as tree traversal: Resnik (1992)
4 1 7
2 6 2 5 3 6
ANIVAN /NN ANV
1 3 5 7 3 4 6 7 1 2 4 5
Left-corner Top-down Bottom-up

» Previous work

« LC parser, arc-strategies Stanojevic and Stabler (2018)
+ Move-strategies Hunter et al. (2019)
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- 2CPy;
+ index: when the parser puts the node in the memory
« outdex: when the parser throws the node out of the
memory

S o
N

'c, TP
« Same number: LC predictions
« If 1 find a TP, | will have a CP (since I have found its LC, C)
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Modeling results

+ Target sentences
(5) right-embedding
a. the rat that ate the cheese
b. the rat that ate the cheese that had eyes
(6) center-embedding
a. the rat that the cat bit
b. the cheese that the rat that the cat bit ate

+ Expected:

+ (5a) vs. (5b): constant memory load

+ (6a) vs. (6b): increased memory load in (6b) proportional
to size
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Modeling results: center-embedding
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* In today’s episode:
« Tenure in left-corner MG parsing works (mostly) as it
should.
« LC parsing for MG adequately modes how human process
(left-,) right-, and center-embedding sentences.
* Next:
- status of new metrics (MaxT;,;, DashT)
« finding my nails (syntactic proposals)
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Thank you!
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